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Computed Axial Lithography — a tomographic
volumetric additive manufacturing (VAM) technique
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Computed Axial Lithography — a tomographic
volumetric additive manufacturing technique
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Why do we need to optimize the digital light projections?
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Various optimization techniques have been developed since the
introduction of tomographic VAM
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Tomographic VAM algorithms span 0t to 2"d order methods
with varying complexity
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Conclusions

= All methods converge to solutions several

orders of magnitude better than no
optimization ( )

First order methods (CAL 2019, )
are robust but require more iterations to
converge

High convergence rate of second order
methods ( ) may come at the cost of
increased computational and space

complexity for large 3D problems
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What about more challenging physical tomographic reconstruction? —
A progress survey in multimaterial tomographic VAM — overprinting
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A progress survey in multimaterial tomographic VAM — scattering
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When modeling the physical process becomes difficult Color Schlieren
Tomography paves the way to real-time monitoring and process feedback
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New forward/inverse light propagation
models for multimaterial printing

Conclusions

Optimization for improved optical dose patterns
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In-situ metrology/computational imaging for process feedback and
monitoring
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